In today's hyper-accelerated business environment, where Artificial Intelligence (Al) increasingly underpins
decision-making, maintaining a robust risk register specifically tailored for decisions is more crucial than ever.
Companies like Suprmind and Microlaunch have pioneered multi-model Al orchestration strategies to help

mitigate the mundane — microlaunch.net yet pernicious — risks of decision-making errors caused by Al

hallucinations and model biases.

This post dives deep into the anatomy of a decision risk register, underscoring the importance of decision
validation, comprehensive risk identification, mitigations, and structured adversarial evaluation that can save your

company from costly judgment lapses.

Hi, 'm DeepSeck.

How can | help you today?

Why Do You Need a Decision Risk Register?

Traditional risk registers primarily track operational, financial, or project risks. However, decisions in the age of Al

require structured risk documentation because the stakes are different. Consider the following:


https://microlaunch.net/p/suprmind

e Al Hallucination Risk: Al models like GPT and others have non-zero false output rates — meaning the

information they generate can sometimes be confidently wrong.

* Multi-Model Divergences: Using multiple Al models in orchestration can introduce conflicting inputs to a

decision, which must be tracked and validated.
® Business Impact: Decisions influence strategy, compliance, and financial outcomes. Missteps due to

unexamined Al inputs can have cascading effects.

Hence, a decision risk register is a dynamic control and learning tool — not just a static checklist.

Core Components of a Decision Risk Register

A well-constructed decision risk register marries classical risk management with Al and decision science insights.

Here are the essential categories to include:

1. Decision Description and Context
Every entry should begin with a precise definition of the decision under scrutiny:

* Decision ID: Unique identifier

® Description: The question or problem the decision addresses
* Decision Owner: Person or team accountable

* Business Context: Relevant organizational and market context

¢ Al Models Involved: Which Al tools or algorithms provide input (e.g., GPT, ensemble models managed via

Suprmind'’s orchestration platform)

2. Identified Risks
This section catalogs all potential and known risks associated with the decision:

Risk 1D Risk Description Category Likelihood (1-5) Impact (1-5) Notes R-001 Al hallucination resulting in incorrect
financial forecast. Model Risk 3 5 Observed in prior GPT-driven reports on revenue projections. R-002 Conflicting
inputs from multi-model orchestration leading to ambiguous recommendations. Data/Model Conflict 4 4 Noted

during Microlaunch pilot integration of Microlaunch and GPT outputs.

3. Risk Mitigations and Controls

For each identified risk, list out concrete mitigations designed to reduce likelihood or impact. Good mitigation

categories include:

* Cross-Model Cross-Checking: Using multiple independent Al models or traditional methods to validate

outputs.

* Adversarial Evaluation: Structured attempts to ‘break’ or invalidate outputs before adoption, a practice
Suprmind champions through its Al orchestration techniques.

¢ Human-in-the-Loop Validation: Ensuring expert oversight, particularly for high-impact decisions.

* Decision Validation Protocols: Documentation of stepwise checks, evidence requirements, and scenario-

based testing before finalization.

Risk ID Mitigation Actions Responsible Status R-001 Implement dual-model validation: compare GPT forecasts
with traditional econometric models. Data Science Team Ongoing R-002 Use Suprmind’s orchestration platform to

flag and resolve multi-model conflicts. Al Ops Team Planned



4. Risk Monitoring and Review

Risks associated with decisions evolve as context and data change. A decision risk register should document:

Frequency of reviews
Reviewers and escalation protocols

Triggers for reassessment (e.g., new data, market changes, post-mortem insights)

5. Outcome and Learnings

Post-decision, capture what happened versus the forecasted risks:

Did mitigations work?
Were any unforeseen risks identified?

Recommendations for future similar decisions

Multi-Model Al Orchestration: The New Frontier

Single Al models like GPT can provide tremendous insights but are also susceptible to “hallucinations” —

confidently generated Al outputs disconnected from reality. To counter this, organizations deploy multi-model

orchestration, combining outputs from several models and analytical techniques to triangulate on more reliable

insights.

Suprmind is one notable vendor enabling such orchestration by integrating various Al services, enabling teams to

systematically cross-check outputs and generate consolidated, validated recommendations. Similarly, Microlaunch

applies advisory workflows using multi-model inputs for risk appraisal in new product launches.

Built-In Anti-Hallucination Strategies

Launching multiple complementary LLMs and traditional data sources to cross-validate and identify

hallucinations
Flagging divergences for human review before decisions are locked

Embedding adversarial challenges to outputs by design, to test robustness

Practical Tips for Building Your Decision Risk Register

. Start Early: Embed risk identification from decision ideation, not after the fact.

. Leverage Al Tools Smartly: Tools like GPT can speed risk capture drafts but always cross-check outputs

manually. Keep a "hallucination log” of known Al errors relevant to your domain for context.

. Design for Iteration: Your register should be a living document, embedded in your decision workflows, not

stored in a dusty spreadsheet.

. Involve Cross-Functional Teams: Diverse perspectives reduce blind spots—ensure data scientists, business

analysts, and risk officers collaborate on risk definition and mitigation.

. Automate Monitoring: Use orchestration platforms like Suprmind to automate alerts on model performance

drifts, conflict flags, and update cycles.

Conclusion: What Would | Bet My Job On?



When trusting Al-assisted decision-making, | always ask: “What would | bet my job on?” This helps separate useful
tools from rash overconfidence in Al outputs. Decision risk registers, integrated with multi-model Al orchestration,

adversarial evaluation, and human-in-the-loop validation, create a powerful framework for reducing Al's known

failure modes and supporting sound decisions.

Bold claims that Al will “eliminate human error” overlook that new risks arise in Al workflows. Instead,
organizations must embrace structured risk capture and continuous validation. By including the components
outlined above and partnering with innovative companies such as Suprmind and Microlaunch, organizations can
robustly manage decision risk — practically and transparently — navigating the uncertainty Al introduces to

business leadership.

Further Reading and Resources

e Suprmind Al Orchestration Platform
® Microlaunch Advisory Services
® OpenAl GPT Documentation

® HBR: Using Al to Improve Decision Making



