
Entity resolution sounds tidy when you say it quickly. In practice, it is one of the messiest jobs in data work.

Names drift. Labels collide. Records arrive half complete. The same person appears under a married name in

one system and a birth name in another. An organization changes branding. A place name refers to a city, a

district, or a historic region depending on who entered the record and when.

That mess is exactly why explicit resolution outcomes matter.

The open source project often described as Wikidata + Google Knowledge Graph MCP takes a notably

disciplined approach here. It is an MCP server and CLI designed to help agents search Wikidata, inspect

selected facts, and link local records to Wikidata QIDs. What makes it interesting is not only that it can

search, but that it refuses to blur uncertainty. Instead of pretending every lookup ends in a clean yes or no, it

uses deterministic resolution logic with named outcomes such as AUTO_MATCH, HOLD, AMBIGUOUS, and

NO_CANDIDATE.

That design choice may sound small. It is not. In systems that need to remain trustworthy, explicit non-

decisions are often more valuable than overconfident matches.

Why explicit outcomes change the quality of matching

A lot of entity matching tools fail in familiar ways. They produce a ranked list, maybe with a score, and then

quietly leave the application to infer what the score means. That works until someone treats a 0.72 as “close

enough” for a payroll record, a compliance file, or a content archive. Once that happens, confidence scores

become a kind of theater. They look rigorous, but the operational rule is hidden somewhere else, often in a

human habit rather than in the system itself.

The practical advantage of MCP for wikidata in this project is that the matching state is surfaced as a first

class result. If the tool returns AUTO_MATCH, that signals one kind of downstream action. If it returns HOLD,

that suggests another. If it returns AMBIGUOUS, the right next step is comparison, not blind acceptance. If it

returns NO_CANDIDATE, the job shifts from validation to research.

That sounds obvious to anyone who has managed production data pipelines, but it is surprising how many

systems still skip it. They return possible entities and call the problem solved.

In my experience, ambiguity itself is not the enemy. Unlabeled ambiguity is.

The shape of this MCP server, and why it matters

This project is intentionally narrow in ways that make it more usable, not less. It is read only. It does not edit

Wikidata, Google, or user data. It can be used from MCP clients such as Claude Code, Cursor, and Codex.

Wikidata access does not require an account or API key, while the Google Knowledge Graph Search API is

optional.

Those constraints matter because they tell you what kind of job the server is designed to do. It is not trying

to become a full knowledge management platform. It is not claiming to be official software from Wikimedia

or Google. It is not exporting the Google Knowledge Graph. It is a bounded, inspectable bridge between

local records and public entity data, with a clear emphasis on evidence and uncertainty.

That emphasis shows up in several design decisions. Search is bounded by default, returning three

candidates and at most five, rather than dumping a large result set into the client. Fact retrieval is selective,



and can include ranks, qualifiers, and references on request. Resolution is deterministic. There is also an

optional Google cross-check based on exact identifier joins, specifically /m/ mapped through Wikidata

property P646 and /g/ through P2671. Even there, the project is careful. Agreement between Google and

Wikidata is treated as provider concordance, not proof of identity.

That sentence alone tells you the project was shaped by someone who has seen matching errors in the wild.

What “explicit resolution outcomes” really buy you

The four documented outcomes are simple to read, but their value appears when you imagine them inside a

workflow rather than on a feature list.

AUTO_MATCH means the system found enough deterministic evidence to resolve to a QID without

manual intervention.

HOLD means the evidence is not sufficient for an automatic match, but the case is not necessarily

ambiguous in the ordinary sense.

AMBIGUOUS means there are plausible competing candidates that need review.

NO_CANDIDATE means nothing in the bounded candidate set is good enough to treat as a real match.

A weaker system would often flatten the middle three into “low confidence.” That is a mistake. These states

are operationally different.

Take a local museum collection record labeled “Springfield High School, founded 1898.” If a resolver finds

one very strong Wikidata candidate with matching location and type, AUTO_MATCH may be appropriate. If it

finds a likely school entity but the location field is absent from the local record, HOLD may be safer. If it finds

several schools with the same name across different states, that is AMBIGUOUS. If it finds no credible

school entity at all, NO_CANDIDATE tells you the issue may be missing coverage rather than weak evidence.

Those distinctions affect staffing, queue design, audit logging, and how much trust a downstream system

can safely place in the result.

Deterministic logic is unfashionable, but useful

There is a reason deterministic resolution logic deserves attention here. In the current tooling landscape,

many people have grown accustomed to systems that produce plausible text explanations around opaque

matching behavior. That can feel sophisticated while being hard to audit. Deterministic logic is less

glamorous, but when a record lands in HOLD or AMBIGUOUS, you want to know that it got there by a stable

rule set rather than by a model’s shifting preference under slight prompt variation.

For teams using MCP for google knowledge graph and wikidata, this matters for repeatability. If you re-run a

batch next week, you want equivalent inputs to produce equivalent states unless the underlying public data

changed. You also want your reviewers to learn the system’s habits. People can work efficiently with a tool

once they understand its thresholds and failure modes. They struggle when every case feels slightly

improvised.

This is also where bounded search earns its keep. Returning three candidates by default, and up to five at

most, imposes discipline. Broad search can create the illusion of coverage while actually increasing noise. I

have seen review teams lose time because they were handed twenty weak candidates and told that one of

them was probably right. In that setup, the machine has not reduced work. It has simply reshaped it into a

more exhausting form.



A bounded list says something stronger: these are the top candidates worth inspecting, and if none is

persuasive, the right answer may be no match.

Search is only the beginning, evidence is the real product

Many entity tools look capable during a demo because search feels magical. Type a label, get a list, click

around, done. The harder question is what happens when the candidate list contains near misses, partial

overlaps, or entities with the right name but the wrong role.

This project’s selected fact retrieval is where much of the practical value lives. The ability to request specific

facts, and optionally include ranks, qualifiers, and references, pushes the interaction away from surface label

matching and toward evidence-based review.

That shift matters because names are often the least reliable part of a record. Dates, occupations,

jurisdictions, parent organizations, and other contextual details carry more weight. Ranks matter because

not every statement on a Wikidata item should be treated equally. Qualifiers matter because a statement

may be true only during a certain period or in a certain capacity. References matter because they let a

reviewer see that there is at least some documented basis for a claim.

Even if you are not building a fully automated resolver, these details improve human review dramatically. A

reviewer can compare the local record with a small set of targeted facts instead of trawling through a large

undifferentiated entity page.

Where the Google cross-check helps, and where it does not

The optional Google cross-check is one of the more interesting parts of the project because it is both useful

and carefully framed. It uses exact identifier joins, /m/ via P646 and /g/ via P2671. That is important. This is

not a fuzzy “Google thinks these look similar” feature. It is a concordance check based on known identifiers.

Used properly, that can be a strong sanity check. If a Wikidata candidate and a Google Knowledge Graph

result line up through those identifiers, you have additional confirmation that two providers agree on the

linkage. For some workflows, especially those involving public-facing entity names where Google coverage

is decent, that may help support an AUTO_MATCH decision or strengthen a review packet.

But the project is right to stop short of calling that proof. Provider agreement is not identity Wikidata MCP

profile in the philosophical or operational sense. Both systems can reflect inherited assumptions, older

merges, or stale links. Exact ID joins are better than loose text similarity, but they still represent concordance

between two maintained graphs, not ground truth descending from heaven.

This is a subtle point, and it deserves respect. Good resolution systems know the difference between “more

evidence” and “final proof.”

For teams exploring MCP for google knowledge graph, that restraint is healthy. It encourages use of Google

as a corroborating source where available, without turning it into an oracle.

The practical value of small, inspectable tools

The documented tools tell a coherent story: kg_search, kg_entity, kg_related, kg_resolve, and kg_status.

There is also CLI support for batch work and evidence export.

https://smithery.ai/servers/revanalex/wikidata-google-knowledge-mcp
https://smithery.ai/servers/revanalex/wikidata-google-knowledge-mcp


That combination is more practical than it may look at first glance. In real workflows, users rarely need one

giant endpoint that does everything. They need a few stable operations that map to distinct stages of work.

Search helps establish the candidate space. Entity lookup helps inspect chosen items. Related-entity

retrieval can clarify context. Resolution encodes the matching decision. Status reporting helps with health or

readiness checks. Batch mode and evidence export make the difference between a one-off experiment and

something that fits into a real queue.

A small tool surface often leads to cleaner adoption. Teams can introduce it one use case at a time. A

cataloging group may begin with kg_search and kg_entity. A data quality team may lean on kg_resolve. An

engineering team may wire the CLI into a nightly batch that exports evidence for manual review.

This is a quiet strength of MCP for wikidata when done well. It lets people meet the graph through tasks, not

abstractions.

What explicit outcomes look like in day to day operations

The easiest way to see the value of explicit outcomes is to imagine a mixed batch of records coming from a

local source system. Say you have 5,000 entities that need linking to Wikidata QIDs. If every result comes

back as a candidate list plus a vague score, your reviewers have to invent categories after the fact. Some

cases get auto accepted because they “look obvious.” Others get escalated because one reviewer is

cautious while another is fast.

A better pattern is to let the resolver produce explicit queues.

AUTO_MATCH records can move into a verification sample, where perhaps 2 percent or 5 percent are spot

checked depending on risk tolerance. HOLD records can wait for more local evidence, maybe a date field or

jurisdiction value that was not available in the first pass. AMBIGUOUS records can be routed to reviewers

trained to compare sibling entities. NO_CANDIDATE records can be diverted to a research lane, or simply left

unresolved until the source system improves.

That is not just cleaner. It is cheaper. Review time is expensive, and the worst waste is forcing skilled people

to perform the wrong kind of review on the wrong kind of case.

One of the most common operational failures I have seen is the absence of a proper “do not force it” state.

Staff are handed a resolution task, they feel pressured to finish it, and they pick the least bad candidate

because the interface suggests that every record must match something. Explicit outcomes are an antidote

to that pressure.

The discipline of saying “not enough evidence”

The project description emphasizes inspectable evidence and explicit uncertainty when evidence is

insufficient. That phrase carries more weight than it may seem.

Insufficient evidence is not the same as low quality software. Sometimes the record is sparse. Sometimes

the source is wrong. Sometimes public graph coverage is incomplete. Sometimes an entity genuinely should

not be linked because the available facts do not narrow it down enough. Mature data operations make room

for all of those realities.

A local archive record saying “J. Smith, director, London” is not a failure case if it ends in HOLD or

AMBIGUOUS. It is an honest case. Pretending otherwise usually stores up trouble for later. The cost appears



when a mistaken QID gets copied into downstream systems, cited in reports, or used to join unrelated

records.

This is why I am generally skeptical of systems that reward match rate without discussing false positives. A

resolver that avoids unsupported decisions can look conservative in a dashboard while actually improving

the quality of the whole pipeline.

The broader Wikidata MCP context

It helps to place this project alongside the larger Wikidata MCP landscape. Wikidata’s own documentation

describes a Wikidata MCP that provides standardized tools for LLMs to explore and query Wikidata

programmatically through the Wikidata API and the Wikidata Query Service. That broader context matters

because it shows that the ecosystem is moving toward structured, tool-based access rather than ad hoc

prompting against scraped content.

What distinguishes this particular project is not that it reaches Wikidata at all, but how it frames the

resolution problem. It narrows the interaction around search, selected facts, bounded candidates, evidence

inspection, and deterministic outcomes. That makes it especially relevant for linking and resolution tasks

rather than open-ended knowledge exploration.

In other words, if general Wikidata MCP tooling helps an agent ask more structured questions of Wikidata,

this project is squarely focused on helping an agent answer a narrower and more operational question: can

this local thing be linked to that public entity, and if not, why not yet?

That is a meaningful distinction.

Where this design is strongest

The project is strongest in environments that value traceability over bravado. Editorial systems, collection

management, research support, internal data stewardship, and cautious enrichment workflows all fit that

profile. If your team needs evidence you can inspect, if you want the system to admit uncertainty plainly, and

if you prefer a candidate set you can actually review, this approach is likely to feel sane.

A few practical strengths stand out.

Bounded candidate retrieval limits noise and makes review manageable.

Selected-fact inspection with ranks, qualifiers, and references supports real verification.

Deterministic outcomes create stable queues and clearer downstream handling.

Optional Google concordance adds corroboration without pretending to prove identity.

Read-only operation reduces risk and keeps the server focused on resolution, not editing.

Notice how each of those strengths is tied to operational behavior, not marketing language. That is usually a

good sign.

A few edge cases worth remembering

No matching framework escapes trade-offs. A bounded candidate set can reduce noise, but it also means

that rare or oddly labeled entities may not surface in the first pass. That is not necessarily a flaw, but it does

mean NO_CANDIDATE should not be read as “entity does not exist.” It means no acceptable candidate was

found within the documented search bounds.



Likewise, HOLD can become a dumping ground if a team does not define what additional evidence would

release a record from that state. I have seen organizations create queues full of deferred cases that no one

ever revisits because the operational rule is missing. A good system state still needs a good process around

it.

AMBIGUOUS cases also deserve careful handling. Ambiguity may arise from homonyms, incomplete local

metadata, or public graph structure. Two candidates can both look plausible for different reasons. When

that happens, reviewers need enough context to compare them efficiently. This is where evidence export

can be especially useful, because it lets the system package the relevant support rather than making staff

reassemble it manually.

And the Google cross-check, while helpful, will naturally be absent or uneven in some domains. Because it is

optional, that is not a design problem. It simply means teams should treat it as additive evidence where

available, not as a required component of the method.

What good adoption looks like

The best way to adopt a tool like this is not to ask it for certainty everywhere. It is to let it separate easy

cases from hard ones, and to preserve the reasons. In practice, that often means starting with a limited

record type, reviewing a modest batch, and watching how cases distribute across the explicit outcomes. If

half your records land in AMBIGUOUS, the lesson may be that your source metadata is too thin. If many

records reach AUTO_MATCH, that suggests your local schema is already carrying enough discriminating

detail to support strong linking.

I would also pay close attention to evidence review habits early on. Teams sometimes rush past the available

context once they see a familiar label. That is exactly the moment when qualifiers, ranks, and references

earn their place. The system provides a way to inspect not only what is claimed, but how the claim is framed.

Good reviewers use that structure.

For anyone considering MCP for google knowledge graph and wikidata, the larger point is straightforward.

The value is not merely that an agent can touch public knowledge graphs. The value is that the interaction

can be made disciplined, inspectable, and honest about uncertainty.

That honesty is what makes explicit resolution outcomes more than a UI flourish. It turns matching from a

hazy suggestion engine into a process you can run, review, explain, and improve over time. When the record

is clear, the system can say yes. When the evidence is thin, it can pause. When the field is crowded, it can

say ambiguous. When nothing fits, it can say so plainly.

For real data work, that is not a limitation. It is the part that makes the whole thing trustworthy.


